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Abstract

Purpose –The recent advancements in smartphone technology and socialmedia platforms have increased the
popularity of artificial intelligence (AI) color cosmetics. Meanwhile, China is a lucrative market for various
foreign beauty products and technological innovations. This research aims to investigate the adoption of AI
color cosmetics applications and their electronic word-of-mouth (e-WOM) intention among Chinese social
media influencers. Several key concepts have been proposed in this research, namely body esteem, price
sensitivity, social media addiction and actual purchase.
Design/methodology/approach –An online questionnaire design was used in this research. A combination
of purposive sampling and snowball sampling ofAI color cosmetics userswho are also social media influencers
in China yields 221 respondents. To analyze the data, this research employs Structural Equation Modelling
(SEM) method via SPSS and AMOS software. A 2-step approach, Exploratory Factor Analysis (EFA) and
Confirmatory Factor Analysis (CFA), is implemented to prove the hypotheses and generate the results.
Findings – 1) Social media addiction is a positive predictor of AI color cosmetics usage, (2) AI color cosmetics
usage is a positive predictor of actual purchase, (3) actual purchase is a positive predictor of e-WOM intention
and lastly, (4) there is a full mediation effect of actual purchase.
Originality/value – This research draws on the uses and gratification (U&G) theory to investigate how
specific user characteristics affect Chinese social media influencers’ adoption of AI color cosmetics, as well as
how this may affect their decision to purchase branded color cosmetics and their e-WOM.

Keywords Artificial intelligence, Cosmetics, e-WOM intention, Social media influencers, Social media

addiction, China

Paper type Research paper

1. Introduction
The adoption of artificial intelligence (AI) among cosmetics retailers is a recent innovation.
The temporary closure of stores during the COVID-19 pandemic has prompted retailers to
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investigate various digital platforms and, more recently, advanced technologies such as
artificial intelligence (AI), augmented reality (AR) and virtual reality (VR) to replace in-store
shopping and enhance the shopping experiences (Xu et al., 2019; Abed, 2021; Hsu et al., 2021;
Nanda et al., 2021). Previous studies have discussed the adoption of facial enhancement
technology, such as AI color cosmetics applications, to enhance online self-presentation
(Fastoso et al., 2021; Hsu et al., 2021; Javornik et al., 2021). Specifically, existing research on the
use of AI color cosmetics applications focuses on the user’s feelings during actual application
use, highlighting the importance of emotions (Wang et al., 2022), positive experiences (Butt
et al., 2021) and cognitive responses (Whang et al., 2021) evoked by those applications.
However, in this research, we focus on individual user characteristics that influence the
adoption of AI color cosmetics applications. It is important to understand how a user’s
individual characteristics, rather than their experience with the application, influence their
intent to use it. This allows one to forecast which user segments will be interested in such
products. Furthermore, application designers can provide a tailored end-user product based
on individual characteristics and online activity.

User characteristics have been overlooked in previous research onARbeauty applications
although Venkatesh (2022; p. 13) suggested that they “are critical in most technology adoption
and use contexts”. We draw on uses and gratifications theory (U&G; Ib�a~nez-S�anchez et al.,
2022) to understand the influence of Chinese user characteristics on application usage,
product purchase and electronic word-of-mouth (e-WOM). The main research question is
therefore: to what extent do users’ individual characteristics determine the use of AI color
cosmetics application? The purpose of the research directly corresponds to the research
question: to identify the influence of individual characteristics of Chinese social media
influencers in the adoption of AI color cosmetics applications and their e-WOM intention.
To achieve the goal of the research, we created the Structural Equation Modelling (SEM)
model, which was preceded by a two-step approach: Exploratory Factor Analysis (EFA) and
Confirmatory Factor Analysis (CFA).

Based on a critical literature review, several key user characteristics were selected that
correspond with U&G theory that has been studied in the domain of attitudes toward AI/AR
but has not been tested in the context of AI color cosmetics, namely body esteem, price
sensitivity, social media addiction and actual purchase. According to Fastoso et al. (2021), low
self-esteem is the primary reason for users’ selfie-editing behavior. As a selfie-taking and
selfie-editing platform, AI color cosmetics applications can provide virtual makeup services,
manually edit users’ facial features and beautify users’ selfieswithout using physical makeup.
Body esteem is one of the most important domains of self-esteem for people who are self-
conscious about their physical appearance (Cristiana, 2016). Improving one’s appearance is a
source of gratification for the user and allows one to satisfy the utilitarian needs (Gan and Li,
2018) associated with self-presentation. According to U&G theory, the desire to create one’s
desired image can be a motivation factor for using AI color cosmetics (Javornik et al., 2022).

Previous studies have also linked the price sensitivity of users in the digital environment,
including virtual or augmented reality (Grewal et al., 2017, 2020; Meißner et al., 2020).
According to Tan et al. (2022), product uncertainty can reduce consumer purchase intention
due to an undervaluation of the product’s benefits. AI color cosmetics applications can help
customers determine whether products meet their needs and preferences, reducing
uncertainty, boosting their purchase decision confidence (Romano et al., 2022), making
them feel more comfortable purchasing products and making them less price sensitive. From
the U&G perspective, users can more effectively satisfy their appeal needs because many AI
color cosmetics applications are free. Thus, users can utilize the money to derive entertaining
gratifications (Hamari et al., 2019).

U&G and social media usage research are especially interested in how to improve
one’s appearance to receive positive feedback from other users. The adoption of AI color
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cosmetics functions (e.g. filters and virtual makeup) has been linked to TikTok, Instagram
and Facebook usage (Barker, 2020). Because social media influencers expect to be admired
(Casale and Fioravanti, 2018), the need to improve their appearance is critical. As a result, we
assume that the willingness to use AI color cosmetics is influenced by the frequency and even
addiction to social media. Influencers who profit directly from their social media activity may
be a subset of AI color cosmetics users. In recent years, China has witnessed the rise of
cosmetics social media influencers who also use AI color cosmetics to enhance their facial
features. Social media influencer marketing has become a significant strategy in businesses
to influence consumer purchasing behavior (Haenlein et al., 2020). Li Jiaqi, a well-known
cosmetics social media influencer, is an example of cosmetics e-WOM intention among
Chinese social media influencers, with cosmetics presales reaching RMB 4.327 billion
(approximately USD 667million) in 2020 (Li andWei, 2020). Moreover, due to advancement in
e-commerce, shopping for cosmetics via online platforms have become more enjoyable and
safer, hence the most preferred way (Nguyen, 2020).

Despite the great interest of researchers in the issue of acceptance of new technologies,
there is a lack of research on the individual factors determining thewillingness to use AI color
cosmetics. In this research, we use U&G theory to determine how body esteem, price
sensitivity and social media addiction affect the use of AI color cosmetics. This research
makes several important contributions to both theory and practice. First, we show that social
media addiction is a predictor of AI color cosmetics. By that, we provide the first empirical
evidence in the context of Chinese social media influencers that social media addiction is a
user individual feature that influences the utilization of AI-based technologies. Second, we
demonstrate that frequent usage of AI color cosmetics applications leads to actual purchase
of branded color cosmetics. This is important as producers of such applications can turn
users into actual buyers. Third, we support previous findings that show a positive
relationship between actual purchase and e-WOM in the context of social media (Park et al.,
2021). In our research, however, actual purchase mediates the effect of AI color cosmetics
applications usage on e-WOM intention.

2. Critical review
2.1 Current progress in facial enhancement technology (FET) research
Facial Enhancement Technology (FET)was used as an umbrella term in this research to refer
to artificial intelligence (AI), augmented reality (AR) and virtual reality (VR) technologies
capable of altering users’ facial features in a virtual environment. FET research in the
marketing context is still in its infancy, but commercial interest in the technology is growing.
FET researchmay address face filters, virtual makeup (e.g. AI color cosmetics), virtual try-on
(e.g. virtual glasses and face-related accessories), facial distortion, age manipulation, gender
bender and other face-related features. We focused on AI color cosmetics in this research.
A previous study by Javornik et al. (2021) shed a light on the role of appearance self-esteem in
influencing the ideal-actual attractiveness gap toward AR mirrors, a form of FET; however,
body esteem, as one of themost important domains of self-esteem (Mendelson et al., 2002), was
ignored in their study. Our research contributed to the discussion by examining the
relationship between body esteem and AI color cosmetics usage. Baek et al. (2018)
investigated the role of virtual mirror or try-on, another form of FET, on consumers’ purchase
intentions. To the best of our knowledge, actual purchases, as one of the most important
marketing consequences, had not been investigated in the limited FET literature. Our
research contributed to the discussion by investigating the role of AI color cosmetics
applications on users’ actual purchases of branded color cosmetics. A recent study by
Javornik et al. (2022) uncovered the impact of AR face filters on an individual’s well-being on
social media platforms; however, users’ social media addiction, which we believe is a relevant
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concept, was not investigated. Our research contributed to the discussion by investigating
the relationship between social media addiction and AI color cosmetics usage. Furthermore,
we believed that earlier studies in FET were still too broad, making it difficult to draw
practical managerial insights. For instance, Cowan et al. (2021) investigated the role of AR
face filters on the behavioral intentions and e-WOM of social media users. The authors made
no distinction between social media influencers and followers, despite the fact that the former
had a commercial interest (Lou, 2022) and thus might respond differently than the latter.
Our research contributed to the discussion by focusing on social media influencers. Finally,
our research identified the role of individual social media influencer characteristics in the
adoption of AI color cosmetics applications, as well as the implications for actual purchases
and e-WOM intentions of branded color cosmetics. Table 1 summarizes relevant literature on
FET in the marketing context.

2.2 Determinants of the AI color cosmetics usage: uses and gratifications theory
Artificial Intelligence (AI) is “the theory and development of computer systems able to perform
tasks that normally require human intelligence, such as visual perception, speech recognition,
decision-making and translation between languages” (Sanghani and Doukky, 2018, p. 1361). AI
can also be defined as a system that can accurately understand external data, learn from
obtained data and apply certain learnings to meet specific targets in various areas (Rashidin
et al., 2021). AI color cosmetics applications in retail take the form of augmented reality (AR)
applications andMagicMirrors (Faust et al., 2012). AR is a smart technology that allows users
to superimpose virtual items such as computer-generated images, messages and sounds on
their real-world surroundings (Ahmed et al., 2022). Users may use the AR beauty applications
to try out different products and colors, read product reviews, learn about their loyalty
points, make payments and contact customer services (Smink et al., 2019). One of the
applications of AR technology is a magic mirror that reflects the image of the user’s body in a
3D environment (Kurul et al., 2020).

The uses and gratifications theory (U&G) was developed to better understand people’s
motivations for using various forms of new media (e.g. watching television but also using
mobile applications) or virtual reality (VR) (Ruggiero, 2000; Lee and Cho, 2020). With the
development of the Internet and social media, this theory allows for identifying factors
influencing online consumer behavior (Saridakis et al., 2016), with a particular interest in
social media (Whiting and Williams, 2013). Most recently, U&G theory contributed to
capturing the intention to use artificial intelligence (Lee and Cho, 2020) and augmented reality
(Rauschnabel et al., 2018) among individual users.

Given this theory’s focus on gratification, satisfaction (Ib�a~nez-S�anchez et al., 2022) and
enjoyment (Sharma and Crossler, 2014), satisfaction and gratification (S&G) provide an
elegant framework for exploring factors that determine intentions to use AI-based solutions
in the social media context. The main premise of the theory is the belief that users voluntarily
choose the media they want to use because of what needs they want to satisfy (Ruggiero,
2000). Thus, users are not passive recipients of thesemedia, but rather choose them according
to their preferences. This assumption is especially important when we consider that social
media influencers are motivated to use AI or AR tools to fulfil their unsatisfied needs and
obtain related gratifications (Rauschnabel et al., 2018).

Following previous research emphasizing the importance of gratification in social media
use (Gao and Feng, 2016) and hedonic value (Ashraf et al., 2019), social media addiction, body
esteem, price sensitivity, actual purchase of AI color cosmetics and e-WOM intention are
relevant concepts to investigate. Social media addiction has been chosen as addicted users
crave positive social media feedback (Fabris et al., 2020) and they may willingly use AI color
cosmetics to receive stronger gratification in the virtual world. Body esteem was chosen
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because previous studies have shown individuals with low self-esteem willingly use
augmented reality (Javornik et al., 2021) and, in general, are more positive toward AR
technology (Yim and Park, 2019). Consequently, people with lower body esteemmay want to
use appearance-enhancement applications to achieve higher gratification. Eventually,
although available research suggests that the use of AR solutions is hedonistic in nature
(Scholz and Duffy, 2018), in this research we consider the influence of a utilitarian factor
(i.e. price sensitivity). The first reason is that in the AR domain, utilitarian value influences
perceived hedonic value (Yang, 2021) and that in the case of appearance-enhancing products,
buyers are sensitive to ensuring that money spent leads to desired outcomes (Bloemer
et al., 2003).

2.3 Hypotheses development
2.3.1 Body esteem.Body esteem is the “self-evaluations of one’s body or appearance” (Mendelson
et al., 2001, p. 90). Gattario et al. (2020) found a gender distinction in the notion of body
esteem. For instance, the authors discovered that a female’s body esteem was linked to
sexual attractiveness (e.g. breast, body scent), body weight and other physical conditions
(e.g. stamina and agility). Meanwhile, a male’s body esteem was linked to physical
attractiveness (e.g. good-looking face), upper body strength and other physical conditions
(e.g. stamina and strength). Body esteem is also linked to a person’s sense of self-worth
(Yim and Park, 2019). Mendelson et al. (2002) argued that body esteem was one important
domain of self-esteem. While girls with high self-esteem are generally satisfied with the way
they look, girls with low self-esteem, on the other hand, are frequently dissatisfied with their
physical appearance and even lack confidence in it (Cribb and Haase, 2016). AI color
cosmetics could help people with low body esteem, particularly those who are dissatisfied
with their physical appearance.

According to U&G theory, enhancing one’s appearance with new technologies is
associated with the pursuit of both hedonic (Li et al., 2015) and utilitarian (Gan and Li, 2018)
values. Hedonic value is associated with the enjoyment and pleasure (Ryan and Deci, 2000)
evoked by an improved self-image obtained in AR beauty applications (Mih�ail�a and Branişte,
2021). Individuals use AR beauty applications to create one desired image and to change how
others perceive them, which is a source of utilitarian gratification (Javornik et al., 2022). The
available research on self and body esteem supports these assumptions. Individuals with low
body esteem are more tempted by direct self-improvement cues, such as wearing branded
color cosmetics than those with high body esteem (Robertson et al., 2008). Individuals with
low body esteem were also reported to have lower levels of confidence and clarity in the self-
domain and a greater desire to achieve body ideals (Story, 2004; Betz et al., 2019). AI color
cosmetics can assist such individuals by virtually changing their facial appearance through a
range of interactions (Hsu et al., 2021). Virtual enhancements can change a person’s
appearance, whichmay have an impact on their esteem (Etcoff et al., 2011). Finally, a previous
study by Fastoso et al. (2021) demonstrated that low self-esteem increased selfie-editing
behavior. We argue that body esteem may be a stronger inducement for utilizing AI color
cosmetics, particularly for those with low body esteem. Furthermore, thus, we formulated the
first hypothesis as follows:

H1. Body esteem has a negative relationship with AI color cosmetics usage.

2.3.2 Price sensitivity. Price sensitivity is the consumers’ reaction due to price levels and price
changes (Goldsmith et al., 2005). According to Meißner et al. (2020), psychological ownership
is one of the important factors that influences consumers’willingness to pay, particularly due
to the triggered feelings of loss. The findings indicate that cutting-edge technologies (e.g. AR,
VR) can increase consumers’ feelings of psychological ownership while decreasing price
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sensitivity. Previous studies also indicate that economic background, advertising, special
occasions, risk attitude and individual differences can influence consumers’ price sensitivity
levels (Goldsmith et al., 2010; Baucells et al., 2017; Chen et al., 2021). In this research, price
sensitivity refers to consumers’ willingness to pay for branded color cosmetics.

From a U&G perspective, price sensitivity is a utilitarian gratification related to monetary
savings (Huang and Zhou, 2018). Through newmedia usage, users can utilize various of their
hedonic needs and they will be more satisfied the lower the price (Li et al., 2015). In one of
the studies that used U&G, Florenthal et al. (2020) demonstrated that satisfying needs related
to entertainment translated into awillingness to donate money. Similarly, results obtained by
Hamari et al. (2019) suggest that AR users utilize the money to derive entertaining
gratifications. In the context of AI color cosmetics, users have the opportunity to test these
types of products before making a final purchase. In other words, trying the products and
seeing how they look on their face is extremely important. Consequently, AR helps users buy
products that fit their needs and to save money as most AI color cosmetics applications are
offered to the market with a “freemium” business model. Past studies indicate that freemium
applications may appeal to price-sensitive market segments (Bhargava, 2014; K€ubler et al.,
2018). In this research, we argue that AI color cosmetics are adopted because users are
inherently price sensitive. It is also possible that AI color cosmetics are seen as a cheaper
alternative to branded color cosmetics. Therefore, we formulated the second hypothesis as
follows:

H2. Price sensitivity has a positive relationship with AI color cosmetics usage.

2.3.3 Social media addiction.Excessive social media usagemay lead to addiction (Steenackers
et al., 2016). Social media addiction is defined as a maladaptive condition of social media
dependency that includes unpleasant feelings, conflict and mood modification, among other
things (Turel et al., 2011). Addictive behavior in the context of social media is primarily
concerned with measuring social media usage in an uncontrolled manner, resulting in
negative consequences, such as limiting one’s ability to socialize with another in a face-to-face
setting, disturbing work and priorities and deteriorating physical as well as mental health
(Dogan et al., 2019). According to D’Arienzo et al. (2019), social media addiction is a form of
compensatory mechanism against missing affection in real life and lack of interpersonal
relationships.

Sharing photos or videos is one of the most prevalent online activities, resulting in the
emergence of AI color cosmetics (beauty) applications (Henriques and Patnaik, 2020). AI
color cosmetics applications enable users to enhance the aesthetic of their photos online
(Barker, 2020), thereby attracting more likes (or loves) from fellow social media users.
Previous studies suggest that social media addicts are preoccupied with the need to receive
positive social feedbacks (e.g. like, love and share) for their online postings, which fuels their
engagement and addiction to social media (Fabris et al., 2020; Marengo et al., 2020). From the
U&G perspective, social media usage is a source of users’ hedonic (e.g. enjoyment), social
(e.g. social presence and interactions) and utilitarian (e.g. self-presentation) gratification
(Li et al., 2015). Thus, the more frequently individuals use social media, the more willing
they will be to utilize AI color cosmetics to fulfill their needs. Available research
demonstrates that social media users are concerned with their self-presentation and prefer
to post a positive image of themselves (Huang and Liu, 2020). Moreover, there is a positive
relationship between social media addiction and willingness to idealize oneself (Chen, 2019).
For example, social media influencers want to be admired (Casale and Fioravanti, 2018;
Javed et al., 2022), which can be facilitated by AI color cosmetics. In this research, we argue
that the more addicted consumers are to social media, the more they feel the need to use AI
color cosmetics to enhance the photos they post online. Therefore, we formulated the third
hypothesis as follows:
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H3. Social media addiction has a positive relationship with AI color cosmetics usage.

2.3.4 Actual purchase. Although U&G theory is primarily concerned with the study of
willingness to use media, examples of the interplay between purchases and gratifications can
be found in the previous studies. For example, Kaur et al. (2020) found that entertaining
gratifications enhance purchase intention while Menon (2022) showed that U&G relaxation
positively influenced video streaming subscription purchase intentions. Most importantly,
U&G theory provided evidence that the ability to gain additional information about a product
(e.g. by testing it) is an important predictor of its further use and purchase (Hicks et al., 2012;
Kim, 2020).

From amarketing perspective, product trial has frequently become an essential marketing
strategy, particularly when promoting perceived high risk and high involvement products
such as cosmetics (Siu and Wong, 2002). The diffusion of innovation theory explains why,
how and the rate at which new and innovative ideas or products spread and are eventually
adopted by the majority (Rogers, 1995). One of the strategies to accelerate the adoption
of new and innovative products is through product trial because it provides potential
customers with a critical product experience before committing to a purchase. In this regard,
AI color cosmetics applications serve an important function as a virtual trial of branded
color cosmetics, particularly during the COVID-19 pandemic, when real product trial is
limited or prohibited and many consumers prioritize safety. Furthermore, AI color cosmetics
applications may function as e-commerce platforms that link product trials to product
purchases, either through in-app purchases or by connecting the applications to the official
stores of branded color cosmetics. In this research, we argue that social media influencers,
whose work is virtual, will use AI color cosmetics applications to experiment with various
virtual branded color cosmetics before deciding which ones to purchase and endorse.
Therefore, the fourth hypothesis is as follows:

H4. AI color cosmetics usage has a positive relationship with actual purchase.

2.3.5 Electronic word-of-mouth intention. Consumers can inform one another about specific
products and services by leaving online reviews, a practice known as electronic word-of-
mouth or e-WOM (Syahrivar and Ichlas, 2018). Moreover, e-WOM also can be considered as
any positive or negative statements made by former consumers about a product via the
Internet (Jeong and Koo, 2015; Azer and Ranaweera, 2022). According to Wu et al. (2017),
electronic word-of-mouth (e-WOM) intention is the willingness of online shoppers to share
their positive thoughts or experiences with others. In this research, e-WOM intention refers to
users’willingness to recommend and encourage others to buy branded color cosmetics online.

Prior experience related to a product or service is fundamental to positive word-of-mouth
(Yoon and Park, 2018; Zhang et al., 2021). In other words, consumers who purchase and use
a product regularly (continuous usage) may evaluate and promote it more positively.
However, it is still unclear whetherAI color cosmetics usagemay represent purchase or usage
intention. A previous study by Jamal et al. (2012) suggests that information cues
(e.g. packaging evaluation) are enough to trigger positive WOM. As a result, we contend
that AI color cosmetics applications at the very least convey information cues of actual
cosmetics, potentially triggering e-WOM intention among users. Therefore, the fifth
hypothesis is as follows:

H5. AI color cosmetics usage has a positive relationship with e-WOM intention.

As previously mentioned, the e-WOM intention generally occurs after consumption activities
(Yoon, 2012; Yoo et al., 2013; Zhang et al., 2021). Before providing any online feedback,
consumers must have first-hand experience with a product or service (San-Mart�ın et al., 2015;
Yoon and Park, 2018). It stands to reason that those who purchase cosmetics have more
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tendency to communicate their experiences with others. Meanwhile, because AI color
cosmetics applications are still in their early stages (Smink et al., 2019; Tan et al., 2022), we
contend that the association between AI color cosmetics usage and e-WOM intention is
mediated through branded color cosmetics purchase. Therefore, we formulated the sixth
hypothesis as follows:

H6a. Actual purchase has a positive relationship with e-WOM intention.

H6b. Actual purchase mediates the relationship between AI color cosmetics usage and
e-WOM intention.

Based on the above mentioned hypotheses, we propose the following theoretical framework
(see Figure 1):

3. Research methodology
3.1 Measurements
We used several measurement scales in this research: The 5-item body esteem scale was
adapted from Mendelson et al. (2001), the 3-item price sensitivity scale was adopted from
Lichtenstein et al. (1988), the 4-item social media addiction scale was adopted from Naranjo-
Zolotov et al. (2021), the AI color cosmetics usage scale was adapted from Mafra et al. (2020),
the 3-item actual purchase scale was adapted fromMillan and Reynolds (2014) and the 5-item
electronic word-of-mouth (e-WOM) intention was adapted from Goyette et al. (2010). To
evaluate the constructs, an English online questionnaire was developed. The construct was
measured using a five-point Likert scale ranging from “strongly disagree” (1) to “strongly
agree” (5). Because our target respondents were Chinese social media influencers, each item
on the questionnaire was accompanied by its Standard Chinese (Mandarin) translation to
obtain more accurate responses (Brislin, 1970). Before finalizing our questionnaire, we
conducted a pre-research with 30 respondents to assess the reliability of our measurement
scales. The reliability of each measurement scale proposed in this research can be found in
Table 4.

3.2 Sampling and data collection
Once we ascertained the reliability of our measurement scales, we spread an online
questionnaire via socialmedia platforms, such asWeChat andTikTok. The datawas collected

Figure 1.
Theoretical framework
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between July and August 2021, during the COVID-19 pandemic, which is still ongoing in
China. The questionnaire was primarily spread in Shanghai, China. ‘Shanghai” is one of
China’s largest cities and it is home to nearly all types of social media influencers. As a result,
we argue that Shanghai is representative of the behavior of Chinese influencers. To gather
relevant respondents, this research employed a combination of purposive and snowball
sampling. According to Hair et al. (2014), 5 to 10 times the number of items on the scale are
appropriate for an unknown population. In total, our questionnaire contained 25 items. As a
result, 125 to 250 respondents are required for our research. In addition to this rule of thumb,
we used the G*Power statistical test to determine the minimum sample size (Kang, 2021).
Assuming medium effect size f2 of 0.15, α (Alpha) error probability of 0.05, power (1‒β (Beta)
error probability) of 0.8 and 5 predictors, theminimumsample sizewould be 92 respondents. In
the end,wemanaged to obtain 221 valid respondents.A post hoc testwith 221 samples yields a
power value of 0.998. We chose nano influencers with 1,000–10,000 followers as our
respondents for the type of social media influencers. To be eligible, all of our respondents had
to meet several criteria: first, they had to state that they were users of AI color cosmetics
applications; second, they also had to state that theywere social media influencers. To find the
right respondents, we started by looking for people in our networks who were social media
influencers and fit our criteria and then we used snowball sampling to gather the remaining
respondents.

3.3 Respondent profile
As indicated in Table 2, themajority of respondents (67.4%) were female influencers between
the ages of 17 and 30 who had earned a bachelor’s degree.

3.4 Ethical clearance
Before completing the questionnaire, the invited respondents were informed that their
participation in this research would be anonymous or confidential, meaning they would
not be required to provide their names or email addresses. Furthermore, their participation
was entirely voluntary; no money or gifts were given in exchange for completing the
questionnaire.

3.5 Data analysis
To analyze the data and develop the Structural Equation Modelling (SEM) model, we
conducted a two-step process: Exploratory Factor Analysis (EFA) and then Confirmatory

N (221) Percent (%)

Gender Male 72 32.6
Female 149 67.4

Age <17 9 4.02
17–30 195 88.3
31–45 13 5.88
>45 4 1.8

Education level No college degree 33 14.9
Bachelor’s degree 129 58.4
Master’s degree 49 22.2
PhD degree 10 4.5

Total 221 100

Note(s): N 5 Number of respondents
Table 2.
Respondent profile
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Factor Analysis (CFA). We used the previous works by Hu and Bentler (1999), Schreiber et al.
(2006), Gefen et al. (2011) and Henseler et al. (2016) as our primary guidelines, especially
to determine the fitness of our SEM model. Several indicators of model fitness reported in
this research are Root Mean Squared Error of Approximation (RMSEA), the Goodness of
Fit Index (GFI), Normed Fit Index (NFI) and Tucker Lewis Index (TLI) and Comparative
Fit Index (CFI).

3.6 Non-response bias
When late responders in a sample differ significantly from early responders, errors in
estimating population characteristics occur. For this reason, we used extrapolation methods
to conduct a non-response bias test by comparing the first (early) and last (late) quarterly
responses (Armstrong and Overton, 1977). Table 3 shows that the mean scores of the two
groups were not significantly different (p > 0.05). Therefore, it can be concluded that non-
response bias is not a problem in this research.

3.7 Common method variance
Podsakoff et al. (2003) proposed Harman’s one-factor analysis to determine whether the bias
generated through Common Method Variance (CMV), also known as Common Method Bias
(CMB), occurred. Based on the analysis, the proposed constructs do not converge into a single
factor and the highest variance explained by one factor is only 27.41%, indicating that CMV
is unlikely to contaminate our data, or at the very least, is not a critical issue in this research.

4. Results
4.1 Reliability and validity test
To assess the reliability and validity of our construct, we conducted a two-step approach:
Exploratory Factor Analysis (EFA) and Confirmatory Factor Analysis (CFA) in SEM
analysis (Farooq, 2016). EFA can be used to identify problematic items earlier and eliminate
thosewith low factor loadings (Yang andXia, 2015). To improve our scales, we removed items
with low factor loadings, such as BES1, BES2, BES5, PRS1 andACU1. According to Henseler
et al. (2016), if the Average Variance Extracted (AVE) is higher than 0.5, the Composite
Reliability (C.R.) and the CronbachAlpha are higher than 0.7 and each factor loading is higher
than 0.6, the applied constructs are considered reliable and valid. As shown in Table 4, our
scales met the aforementioned criteria. We also conducted discriminant validity test or the
degree towhich the proposed constructs differ from each other (Anderson andGerbing, 1988);
we applied the Fornell-Larcker criterion, which states that each construct’s square root of

Variables

Early responders
(N 5 55)

Late responders
(N 5 55)

t pMean SD Mean SD

BES 3.113 0.6936 3.036 0.6897 0.579 0.564
PRS 2.830 0.8262 2.727 0.6912 0.709 0.480
SMA 2.8091 0.8525 2.550 0.8679 1.579 0.117
ACU 2.178 0.9449 2.389 1.0431 �1.111 0.269
ACP 2.970 0.7294 3.206 0.7384 �1.689 0.094
EWM 3.204 0.9510 3.273 0.8653 �0.399 0.691

Note(s): Body Esteem5 BES, Price Sensitivity5 PRS, Social Media Addiction5 SMA, AI Color Cosmetics
Usage 5 ACU, Actual Purchase 5 ACP, Electronic Word-of-Mouth Intention 5 EWMI, SD 5 Standard
Deviation, N5 Number of Respondents, t 5 Computed Test Statistic, p 5 Significance Level

Table 3.
Non-response bias test

(Independent t-test)
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average variance extracted (AVE) should be greater than its correlations with other
constructs in the research (Fornell and Larcker, 1981). Table 4 demonstrates that the
discriminant validity of the proposed constructs can be established.

4.2 Factor analysis
To assess the sampling adequacy, we conducted KMO and Bartlett’s Tests. As can be seen
from Table 5, the value is 0.845 (Sig. < 0.05) which means that the sample (N 5 221) is
adequate for further processing.

The appropriate number of factors is determined by the eigenvalue, whichmust be greater
than 1 and have a cumulative percentage of at least 60% (Hair et al., 2014). Based on Table 6,
the number of factors proposed in this research meets the two requirements.

4.3 SEM model
We then conducted a Confirmatory Factor Analysis (CFA) via SPSS and AMOS software.
Based on Figure 2, the three exogenous variables are Body Esteem (BES), Price Sensitivity
(PRS) and Social Media Addiction (SMA); the two endogenous variables are AI Color

Kaiser-Meyer-Olkin measure of sampling adequacy 0.845
Bartlett’s test of sphericity Approx. Chi-square 2409.375

df 190
Sig 0.000

Note(s): df 5 Degree of Freedom, Sig. 5 Significance level

Component
Initial eigenvalues Rotation sums of squared loadings

Total % of variance Cumulative % Total % of variance Cumulative %

1 6.008 30.039 30.039 3.460 17.299 17.299
2 3.113 15.564 45.603 3.342 16.712 34.011
3 1.939 9.696 55.299 2.498 12.492 46.504
4 1.540 7.701 63.000 2.427 12.136 58.640
5 1.190 5.952 68.952 1.492 7.462 66.102
6 0.905 4.525 73.477 1.475 7.375 73.477

Table 5.
KMO and
Bartlett’s test

Table 6.
Total variance
explained

Figure 2.
Final SEM model

APJML



Cosmetics Usage (ACU) and Electronic Word-of-Mouth Intention (EWMI); finally, one
mediating variable that is Actual Purchase (ACP).

The Squared Multiple Correlations (R2) value of the model suggests that 21.3% of the
variance of ACU can be explained by SMA. As many as 25.6% of the variance of ACP can be
explained by ACU. Moreover, as many as 59.2% of the variance of EWMI can be explained
by ACP.

4.4 Hypotheses testing
Table 7 presents the regressions analysis between the exogenous and endogenous variables
incorporated in this research. The results confirm H3, H4 and H5 (p < 0.001).

To test H6b, we performed the Sobel test. As shown in Table 8, Actual Purchase (ACP) is
proven to fully mediate the relationship between AI Color Cosmetics Usage (ACU) and
Electronic Word-of-Mouth Intention (EWMI).

4.5 Model fitness
We assessed the fitness of the above SEM model through several indicators (fit indices)
proposed by several authors, such asHu andBentler (1999) andGefen et al. (2011). The results
are presented in Table 9. In general, our model fitness is considered good and acceptable.

Estimate S.E. C.R. P

ACU ← BES 0.121 0.127 0.951 0.342
ACU ← PRS 0.040 0.111 0.363 0.716
ACU ← SMA 0.567 0.135 4.203 ***
ACP ← ACU 0.501 0.066 7.573 ***
EWMI ← ACU �0.028 0.063 �0.443 0.658
EWMI ← ACP 0.854 0.082 10.464 ***

Note(s): ACU 5 AI Color Cosmetics Usage; BES 5 Body Esteem; PRS 5 Price Sensitivity; SMA 5 Social
Media Addiction; ACP 5 Actual Purchase; EWMI 5 Electronic Word-of-Mouth Intention; S.E. 5 Standard
Error; C.R. 5 Critical Ratio; P 5 Significance Level; *** 5 p < 0.001

Test statistics S.E. P

EWMI ← ACP ← ACU 5.975 0.066 ***

Note(s): ACU 5 AI Color Cosmetics Usage; ACP 5 Actual Purchase; EWMI 5 Electronic Word-of-Mouth
Intention; S.E. 5 Standard Error; P 5 Significance Level; *** 5 p < 0.001

Fit index Recommended thresholds Results Notes

RMSEA <0.08 0.07 Acceptable Fit
GFI >0.90 0.84 Good Fit
NFI >0.90 0.89 Good Fit
TLI >0.90 0.92 Satisfactory Fit
CFI >0.90 0.93 Satisfactory Fit

Note(s): RMSEA 5 Root Mean Squared Error of Approximation; GFI 5 Goodness of Fit Index; NFI 5
Normed Fit Index; TLI 5 Tucker Lewis Index; CFI 5 Comparative Fit Index

Table 7.
Regression weights

Table 8.
Sobel test

(mediation test)

Table 9.
Fit indices

e-WOM
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4.6 Evaluation of the structural model
The structural model is evaluated using the Variance Inflation Factor (VIF) and effect size.
The VIF values less than 5 indicating that there is no multicollinearity problem (Hair et al.,
2014). Whereas the values of Cohen’s f2 (effect size) is obtained with the following formula:
f2 5 [R2 (included) - R2 (excluded)]/[1�R2 (included)] (Cohen, 1988). The results are shown in
Table 10.

In addition to R-square (R2) values, we also wish to report the predictive relevance
(Q-square/Q2) of our structural model with the Stone Geiser Q-Square test formula:

Q
2 ¼ 1� �

1� R2
1

��
1� R2

2

��
1� R2

3

�

Q
2 ¼ 1� �

1� 0:2132
��
1� 0:2562

��
1� 0:5922

�

¼ 1� ð0:955Þð0:935Þð0:650Þ
¼ 1� 0:580

¼ 0:42

The calculation result shows that the predictive-relevance (Q2) value is 0.42 or 42%, which is
greater than zero, indicating that the research model has predictive relevance. This result
implies that 42% of the variance can be explained by the variables in the research model,
while the remaining 58% can be explained by variables outside the research model.

5. Discussion
Our research focuses on the effects of AI color cosmetics usage on actual purchases. To
explore the effects, our research examines six hypotheses: the relationship between body
esteem and AI color cosmetics usage (H1), the relationship between price sensitivity and AI
color cosmetics usage (H2), the relationship between social media addiction and AI color
cosmetics usage (H3), the relationship between AI color cosmetics usage and actual purchase
(H4), the relationship between AI color cosmetics usage and e-WOM intention (H5), the
relationship between actual purchase and e-WOM intention (H6a) and the mediation effect of
actual purchase in the relationship between AI color cosmetics usage and e-WOM intention
(H6b). To better show our findings, we present the summary of our research in Table 11.

Our research is unable to prove that body esteem is a significant predictor of AI color
cosmetics usage (H1; p > 0.05). A previous study by Tran et al. (2020) among YouTube
influencers suggests that there are inconsistent findings between body esteem and color
cosmetics usage. Various factors, such as internal (e.g. sense of creativity) and external
(e.g. peer-pressure) motivations, may shape influencers’ self-esteem. We argue that in the
context of influencers, (low) body esteem is not a strong enough inducer of AI color cosmetics
usage due to its ‘trial’ nature (Bonetti et al., 2018; Smink et al., 2019). Moreover, compared to

Variables
Collinearity statistics

f2 NotesTolerance VIF

BES 0.905 1.105 �0.001 Not Significant, Weak
PRS 0.897 1.114 �0.000 Not Significant, Weak
SMA 0.817 1.225 0.023 Significant, Weak
ACU 0.772 1.296 0.006 Significant, Weak
ACP 0.772 1.296 0.504 Significant, Strong

Note(s): ACU 5 AI Color Cosmetics Usage; BES 5 Body Esteem; PRS 5 Price Sensitivity; SMA 5 Social
Media Addiction; ACP 5 Actual Purchase; VIF 5 Variance Inflation Factor; f2 5 effect size

Table 10.
Multicollinearity test
and effect size

APJML



actual color cosmetics, faking their beauty through AI color cosmetics may harm influencers’
overall image in the eyes of their followers.

Our research is unable to prove that price sensitivity has a positive relationship with AI
color cosmetics usage (H2; p> 0.05). Since our respondents were social media influencers who
got paid for promoting products online, this segment may be less price-sensitive hence the
insignificant result. The alternative explanation is that being highly immersed in the AI color
cosmetics virtual environment might lower users’ price sensitivity levels (Meißner et al.,
2020). Future research could include a different population of AI color cosmetics applications,
such as regular housewives and test the relationship again.

Our research can prove that social media addiction has a positive relationship with AI
color cosmetics usage (H3; p < 0.001). People who are addicted to social media, especially in
the case of influencers, need to look attractive online. The use of AI color cosmetics may
improve their profiles and likability online.

Our research can prove that AI color cosmetics usage has a positive relationship with
actual purchases (H4; p < 0.001). Using augmented reality (AR) and magic mirrors,
consumers may digitally “try-out” cosmetics on their faces, which could help create a
“try before you buy” experience when shopping online (Scholz and Duffy, 2018; Smink
et al., 2019). Our finding gives weight to a previous study by Smink et al. (2019)
demonstrating that the use of AR in the context of cosmetics improved purchase
intention.

Our research is unable to prove that AI color cosmetics usage has a positive and direct
relationship with e-WOM intention (H5; p > 0.05). This means that the use of AI color
cosmetics alone is not sufficient to generate e-WOM intention. We argue that Chinese
social media influencers may need to protect their credibility and reputation by testing
(and showing) the actual cosmetics before offering their opinions online to their followers.
In a way, influencers are paid to promote tangible products, whereas their “virtual”
alternatives serve as a trial.

Our research can prove that actual purchase has a positive relationship with e-WOM
intention (H6a; p < 0.001). Our finding gives a weight of evidence to the previous studies
suggesting that WOM occurs as a result of user experiences, such as shopping and
product usage (Yoon, 2012; Yoo et al., 2013; San-Mart�ın et al., 2015; Yoon and Park, 2018;
Zhang et al., 2021). In other words, the more experience consumers have with a product,
the more likely they will express or share their opinions about the product via online
platforms. Our research is also able to prove that actual purchase mediates the
relationship between AI color cosmetic usage and e-WOM intention (H6b; p < 0.001).
This means that there is a full mediation of cosmetics actual purchase and that the
relationship between AI color cosmetic usage and e-WOM intention is indirect. Future
research may retest the relationship by investigating a different segment, such as
housewives and office women.

Hypotheses Results

H1 Not supported
H2 Not supported
H3 Supported***
H4 Supported***
H5 Not supported
H6a Supported***
H6b Supported***

Note(s): ***p < 0.001

Table 11.
Summary of
hypotheses
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6. Conclusion
This research employs the uses and gratification (U&G) theory to examine how specific user
characteristics affect Chinese social media influencers’ adoption of AI color cosmetics, as well
as how this may influence their decision to buy branded color cosmetics and their e-WOM.
The popularity of the aforementioned technology, especially among influencers, has partly
increased as a result of recent developments in smartphone and social media platforms.
However, companies may only profit from AI color cosmetics applications, which are
inherently a form of trial, when they can turn users into actual buyers. Our findings suggest
that social media addiction plays a role in AI color cosmetics applications usage. In turn,
frequent usage of AI color cosmetics applications leads to the actual purchase of branded
color cosmetics. Finally, a combination of AI color cosmetics applications usage and actual
purchase leads to positive e-WOM intention.

6.1 Theoretical contributions
There are several theoretical contributions of this research: First, in influencer marketing, the
e-WOM intention is necessary to develop and investigate the individual characteristics
among social media influencers on online shopping platforms (Dwidienawati et al., 2020).
According to Haenlein et al. (2020), social media influencer marketing is also a significant
business strategy for influencing consumers’ online purchasing behavior. Many previous
studies on influencer marketing have focused on how to generate e-WOM intention based
on influencers’ marketing reviews on an e-commerce platform (Dwidienawati et al., 2020;
Wandoko and Panggati, 2022). However, little attention has been paid to how new
technologies (e.g. AR and AI) are generating e-WOM intention among social media
influencers, as well as what factors influence the willingness to use AI color cosmetics.
Second, our research draws on the uses and gratification (U&G) theory to examine and
explain how social media addiction affects the adoption of AI color cosmetics. Previous
research has shown that people utilize social media to satisfy needs associated with self-
presentation (Huang and Liu, 2020) and that social media addiction corresponds with
increased willingness to idealize self-image (Chen, 2019). Our research confirms that social
media addiction has a positive effect on the intention to use AI color cosmetics application. In
other words, our research extends the existing literature by demonstrating that social media
addiction is a key construct in determining the use of AI color cosmetics, which is commonly
found in mobile phones. Third, our research provides empirical evidence on the relationship
between AI color cosmetics usage and actual purchase. As a result, our research contributes
to the literature on product trial experiences and their impact on consumer purchasing
decisions (De Groot et al., 2009; Lu and Chen, 2021). Unlike previous research on AI cosmetics
usage showing that user experience influences purchase decisions (Wang et al., 2022), our
research demonstrates that application usage itself can influence branded color cosmetics
purchase decisions. Fourth, while previous research has highlighted the importance of
positive e-WOM on purchase intentions (e.g. Kudeshia and Kumar, 2017), only a few studies
in this context have examined the effect of actual purchase on e-WOM intention. Inmost cases
(e.g. Wu et al., 2017; Guping et al., 2021), the e-WOM intention and the intention to purchase
were treated as two unconnected outcomes of consumer attitudes. Meanwhile, our research
took a different approach and demonstrated that the e-WOM intention could be driven by the
actual purchase of branded color cosmetics. Fifth, our research is also significant in that it is
the first to provide empirical evidence on the role of actual purchase as a full mediator in the
relationship between AI color cosmetics usage and e-WOM intention; As a result, we have a
better understanding of themechanism bywhich the use of specific brand-related technology
can result in brand e-WOM. Finally, our research contributes to a deeper knowledge of
Chinese social media influencers and their interactions with AI color cosmetics applications,

APJML



a relatively new type of facial enhancement technology. We believe that Chinese beauty
influencers are still underrepresented in comparison to their Asian counterparts (e.g. Chen
and Dermawan, 2020; Wang and Lee, 2021).

6.2 Managerial implications
Themanagerial implicationsof this researchare intended forbrandedcolor cosmeticsmanufacturers
and retailers, aswell asAI color cosmeticsdevelopers.First, our researchhasshown that socialmedia
addiction predicts the use of AI color cosmetics applications. AI color cosmetics developers must
devisemarketing strategies to capture thismarket segment (e.g. socialmediausersandaddicts), such
as connecting their applications to popular social media platforms. Social media users can be
rewarded for connecting their social media accounts to AI color cosmetics applications and sharing
their AI-enhanced photos with other social media users. Second, our research has shown that using
AI color cosmetics applications is a positive predictor of purchasing branded color cosmetics.
Branded color cosmeticsmanufacturers and retailers canworkwithAI color cosmetics developers to
capturepreviouslyuntappedsegments.Brandedcolor cosmeticsmanufacturers canensure that their
products’ virtual versions are correctly represented in the applications (e.g. hue, value, chroma). The
more cosmetics featured in the applications, the higher their value should be. Developers can then
connect their applications to the official online stores ofbranded color cosmetics that support them. In
this regard, bothparties’marketingpromotionalmaterials should demonstrate an apparent strategic
alliance, allowing the AI color cosmetics applications to serve as both a trial and an e-commerce
platform.Third, our researchhas shown that purchasingbranded color cosmetics positively predicts
e-WOMamong social media influencers. Thus, there is a clear link between owning a branded color
cosmetic and sharing information about it on social media platforms. Themessage to branded color
cosmetics manufacturers and retailers is clear: they must allow product trials and giveaways to
induce online word-of-mouth. Whereas AI color cosmetics developers must instill a sense of
ownership in their users. This makes it possible to combine real branded color cosmetics and their
virtual counterparts atadiscountedprice (productbundling).Meanwhile, userswho justwant to look
appealing in a virtual environment can use AI color cosmetics, a less expensive alternative to
branded color cosmetics. Finally, a strategic alliance and coordinated marketing efforts between the
cosmetic industry andAI color cosmetics developers are expected to improve business performance
andmarket share as the branded color cosmetics market shifts online at a rapid pace, in part due to
the COVID-19 pandemic, which is still present in some countries, such as China.

6.3 Limitations
Wewish tonote some limitationsof our research.First, the results of this researchare limited to social
media influencers based in China. Different segments of cosmetics consumers may behave
differently toward AI color cosmetics applications. Second, some of our hypotheses were unproven
which could be a result of the specific segment under investigation (i.e. social media influencers). For
instance, body esteem and price sensitivity can be a sensitive issue among influencers. Therefore,
future research may retest the relationships with different segments, such as housewives and office
women. Finally, this researchwas conducted during the COVID-19 pandemic, which is still ongoing
inChina.During thisperiod, socialmedia influencersmightbehave inways theywouldnot normally.
Future research could look into the behavioral intentions of social media influencers towardAI color
cosmetics applications in the aftermath of the pandemic.
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Mih�ail�a, R. and Branişte, L. (2021), “Digital semantics of beauty apps and filters: big data-driven facial
retouching, aesthetic self-monitoring devices and augmented reality-based body-enhancing
technologies”, Journal of Research in Gender Studies, Vol. 11 No. 2, pp. 100-112.

Millan, E. and Reynolds, J. (2014), “Self-construals, symbolic and hedonic preferences and actual
purchase behavior”, Journal of Retailing and Consumer Services, Vol. 21 No. 4, pp. 550-560,
doi: 10.1016/j.jretconser.2014.03.012.

Nanda, A., Xu, Y. and Zhang, F. (2021), “How would the COVID-19 pandemic reshape retail real estate
and high streets through acceleration of E-commerce and digitalization?”, Journal of Urban
Management, Vol. 10 No. 2, pp. 110-124, doi: 10.1016/j.jum.2021.04.001.

Naranjo-Zolotov, M., Turel, O., Oliveira, T. and Lascano, J.E. (2021), “Drivers of online social media
addiction in the context of public unrest: a sense of virtual community perspective”, Computers
in Human Behavior, Vol. 121 No. 1, p. 106784, doi: 10.1016/j.chb.2021.106784.

Nguyen, T.T.N. (2020), “Developing and validating five-construct model of customer satisfaction in
beauty and cosmetic E-commerce”, Heliyon, Vol. 6 No. 9, e04887, doi: 10.1016/j.heliyon.2020.e04887.

Park, J., Hyun, H. and Thavisay, T. (2021), “A study of antecedents and outcomes of social media
WOM towards luxury brand purchase intention”, Journal of Retailing and Consumer Services,
Vol. 58, 102272, doi: 10.1016/j.jretconser.2020.102272.

Podsakoff, P.M., MacKenzie, S.B., Lee, J.Y. and Podsakoff, N.P. (2003), “Common method biases in
behavioral research: a critical review of the literature and recommended remedies”, Journal of
Applied Psychology, Vol. 88 No. 5, pp. 879-903.

Rashidin, M.S., Gang, D., Javed, S. and Hasan, M. (2021), “The role of artificial intelligence in
sustaining the E-commerce ecosystem: alibaba vs. Tencent”, Journal of Global Information
Management (JGIM), Vol. 30 No. 8, pp. 1-25, doi: 10.4018/JGIM.304067.

Rauschnabel, P.A., He, J. and Ro, Y.K. (2018), “Antecedents to the adoption of augmented reality
smart glasses: a closer look at privacy risks”, Journal of Business Research, Vol. 92,
pp. 374-384, doi: 10.1016/j.jbusres.2018.08.008.

APJML

https://doi.org/10.1080/00913367.2021.1880345
https://doi.org/10.1016/j.im.2021.103509
https://doi.org/10.1016/j.im.2021.103509
https://doi.org/10.1016/j.paid.2020.110042
https://doi.org/10.1016/j.addbeh.2019.106150
https://doi.org/10.1016/j.jbusres.2020.06.004
https://doi.org/10.1016/j.jbusres.2020.06.004
https://doi.org/10.1207/S15327752JPA7601_6
https://doi.org/10.1002/eat.10011
https://doi.org/10.1016/j.teler.2022.100006
https://doi.org/10.1016/j.jretconser.2014.03.012
https://doi.org/10.1016/j.jum.2021.04.001
https://doi.org/10.1016/j.chb.2021.106784
https://doi.org/10.1016/j.heliyon.2020.e04887
https://doi.org/10.1016/j.jretconser.2020.102272
https://doi.org/10.4018/JGIM.304067
https://doi.org/10.1016/j.jbusres.2018.08.008


Robertson, J., Fieldman, G. and Hussey, T. (2008), “Who wears cosmetics? Individual differences and
their relationship with cosmetic usage”, Individual Differences Research, Vol. 6 No. 1, pp. 38-56.

Rogers, E.M. (1995), Diffusion of Innovations, 4th ed., Free Press, New York.

Romano, B., Sands, S. and Pallant, J.I. (2022), “Virtual shopping: segmenting consumer attitudes
towards augmented reality as a shopping tool”, International Journal of Retail and Distribution
Management, doi: 10.1108/IJRDM-10-2021-0493 (In press).

Ruggiero, T.E. (2000), “Uses and gratifications theory in the 21st century”, Mass Communication and
Society, Vol. 3 No. 1, pp. 3-37, doi: 10.1207/S15327825MCS0301_02.

Ryan, R.M. and Deci, E.L. (2000), “Intrinsic and extrinsic motivations: classic definitions and new
directions”, Contemporary Educational Psychology, Vol. 25 No. 1, pp. 54-67, doi: 10.1006/ceps.
1999.1020.

Sanghani, R.M. and Doukky, R. (2018), “Fully automated analysis of perfusion data: the rise of the
machines”, Journal of Nuclear Cardiology, Vol. 25 No. 4, pp. 1361-1363, doi: 10.1007/s12350-017-
0884-1.

San-Mart�ın, S., Prodanova, J. and Jim�enez, N. (2015), “The impact of age in the generation of
satisfaction and WOM in mobile shopping”, Journal of Retailing and Consumer Services, Vol. 23
No. 1, pp. 1-8, doi: 10.1016/j.jretconser.2014.11.001.

Saridakis, C., Baltas, G., Oghazi, P. and Hultman, M. (2016), “Motivation recipes for brand-related
social media use: a Boolean—fsQCA approach”, Psychology and Marketing, Vol. 33 No. 12,
pp. 1062-1070, doi: 10.1002/mar.20940.

Scholz, J. and Duffy, K. (2018), “We ARe at home: how augmented reality reshapes mobile marketing
and consumer-brand relationships”, Journal of Retailing and Consumer Services, Vol. 44 No. 1,
pp. 11-23, doi: 10.1016/j.jretconser.2018.05.004.

Schreiber, J.B., Nora, A., Stage, F.K., Barlow, E.A. and King, J. (2006), “Reporting structural equation
modeling and confirmatory factor analysis results: a review”, The Journal of Educational
Research, Vol. 99 No. 6, pp. 323-338, doi: 10.3200/JOER.99.6.323-338.

Sharma, S. and Crossler, R.E. (2014), “Intention to engage in social commerce: uses and gratifications
approach”, Proceedings of the Twentieth Americas Conference on Information Systems, pp. 1-12.

Siu, N.Y.M. and Wong, H.Y. (2002), “The impact of product-related factors on perceived product
safety”, Marketing Intelligence and Planning, Vol. 20 No. 3, pp. 185-194, doi: 10.1108/
02634500210428049.

Smink, A.R., Frowijn, S., van Reijmersdal, E.A., van Noort, G. and Neijens, P.C. (2019), “Try online
before you buy: how does shopping with augmented reality affect brand responses and
personal data disclosure”, Electronic Commerce Research and Applications, Vol. 35 No. 1,
100854, doi: 10.1016/j.elerap.2019.100854.

Steenackers, K., Cassady, B., Brengman, M. and Willems, K. (2016), “OR-100: measuring Facebook
addiction among adults: validating the Bergen Facebook addiction scale in a non-student sample”,
Journal of Behavioral Addictions, Vol. 5 No. S1, pp. 41-42, available at: https://eds.p.ebscohost.com/
eds/pdfviewer/pdfviewer?vid51&sid59aa8601c-a7ad-4316-be28-9e155ebd974a%40redis.

Story, A.L. (2004), “Self-esteem and self-certainty: a mediational analysis”, European Journal of
Personality, Vol. 18 No. 2, pp. 115-125, doi: 10.1002/per.502.

Syahrivar, J. and Ichlas, A.M. (2018), “The impact of electronic word of mouth (E-WoM) on brand
equity of imported shoes: does a good online brand equity result in high customers’
involvements in purchasing decisions?”, The Asian Journal of Technology Management, Vol. 11
No. 1, pp. 57-69, doi: 10.12695/ajtm.2018.11.1.5.

Tan, Y.C., Chandukala, S.R. and Reddy, S.K. (2022), “Augmented reality in retail and its impact on
sales”, Journal of Marketing, Vol. 86 No. 1, pp. 48-66, doi: 10.1177/0022242921995449.

Tran, A., Rosales, R. and Copes, L. (2020), “Paint a better mood? Effects of makeup use on YouTube
beauty influencers’ self-esteem”, SAGE Open, Vol. 10 No. 2, 2158244020933591, doi: 10.1177/
2158244020933591.

e-WOM
intention

of AI color
cosmetics

https://doi.org/10.1108/IJRDM-10-2021-0493
https://doi.org/10.1207/S15327825MCS0301_02
https://doi.org/10.1006/ceps.1999.1020
https://doi.org/10.1006/ceps.1999.1020
https://doi.org/10.1007/s12350-017-0884-1
https://doi.org/10.1007/s12350-017-0884-1
https://doi.org/10.1016/j.jretconser.2014.11.001
https://doi.org/10.1002/mar.20940
https://doi.org/10.1016/j.jretconser.2018.05.004
https://doi.org/10.3200/JOER.99.6.323-338
https://doi.org/10.1108/02634500210428049
https://doi.org/10.1108/02634500210428049
https://doi.org/10.1016/j.elerap.2019.100854
https://eds.p.ebscohost.com/eds/pdfviewer/pdfviewer?vid=1&sid=9aa8601c-a7ad-4316-be28-9e155ebd974a%40redis
https://eds.p.ebscohost.com/eds/pdfviewer/pdfviewer?vid=1&sid=9aa8601c-a7ad-4316-be28-9e155ebd974a%40redis
https://eds.p.ebscohost.com/eds/pdfviewer/pdfviewer?vid=1&sid=9aa8601c-a7ad-4316-be28-9e155ebd974a%40redis
https://eds.p.ebscohost.com/eds/pdfviewer/pdfviewer?vid=1&sid=9aa8601c-a7ad-4316-be28-9e155ebd974a%40redis
https://doi.org/10.1002/per.502
https://doi.org/10.12695/ajtm.2018.11.1.5
https://doi.org/10.1177/0022242921995449
https://doi.org/10.1177/2158244020933591
https://doi.org/10.1177/2158244020933591


Turel, O., Serenko, A. and Giles, P. (2011), “Integrating technology addiction and use: an empirical
investigation of online auction users”, MIS Quarterly: Management Information Systems,
Vol. 35 No. 4, pp. 1043-1061, doi: 10.2307/41409972.

Venkatesh, V. (2022), “Adoption and use of AI tools: a research agenda grounded in UTAUT”, Annals
of Operations Research, Vol. 308 No. 1, pp. 641-652, doi: 10.1007/s10479-020-03918-9.

Wandoko, W. and Panggati, I.E. (2022), “The influence of digital influencer, e-WOM and information
quality on customer repurchase intention toward online shop in e-marketplace during pandemic
COVID-19: the mediation effect of customer trust”, Journal of Relationship Marketing, Vol. 21
No. 2, pp. 148-167, doi: 10.1080/15332667.2022.2035198.

Wang, Y., Ko, E. and Wang, H. (2022), “Augmented reality (AR) app use in the beauty product
industry and consumer purchase intention”, Asia Pacific Journal of Marketing and Logistics,
Vol. 34 No. 1, pp. 110-131, doi: 10.1108/APJML-11-2019-0684.

Wang, L. and Lee, J.H. (2021), “The impact of K-beauty social media influencers, sponsorship and
product exposure on consumer acceptance of new products”, Fashion and Textiles, Vol. 8 No. 1,
pp. 1-29, doi: 10.1186/s40691-020-00239-0.

Whang, J.B., Song, J.H., Choi, B. and Lee, J.H. (2021), “The effect of augmented reality on purchase
intention of beauty products: the roles of consumers’ control”, Journal of Business Research,
Vol. 133, pp. 275-284, doi: 10.1016/j.jbusres.2021.04.057.

Whiting, A. and Williams, D. (2013), “Why people use social media: a uses and gratifications approach”,
Qualitative Market Journal, Vol. 14 No. 4, pp. 362-369, doi: 10.1108/QMR-06-2013-0041.

Wu, W.Y., Quyen, P.T.P. and Rivas, A.A.A. (2017), “How e-services capes affect customer online
shopping intention: the moderating effects of gender and online purchasing experience”,
Information Systems and E-Business Management, Vol. 15 No. 3, pp. 689-715, doi: 10.1007/
s10257-016-0323-x.

Xu, L., Zhang, L., Cui, N. and Yang, Z. (2019), “How and when AR technology affects product attitude”,
Asia Pacific Journal of Marketing and Logistics, Vol. 32 No. 6, pp. 1226-1241, doi: 10.1108/
APJML-03-2019-0221.

Yang, Y. and Xia, Y. (2015), “On the number of factors to retain in exploratory factor analysis for
ordered categorical data”, Behavior Research Methods, Vol. 47 No. 3, pp. 756-772, doi: 10.3758/
s13428-014-0499-2.

Yang, X. (2021), “Augmented reality in experiential marketing: the effects on consumer utilitarian and
hedonic perceptions and behavioural responses”, in Lee, Z.W.Y., Chan, T.K.H. and Cheung,
C.M.K. (Eds), Information Technology in Organisations and Societies: Multidisciplinary
Perspectives from AI to Technostress, Emerald Publishing, Bingley, pp. 147-174, doi: 10.1108/
978-1-83909-812-320211006.

Yim, M.Y.C. and Park, S.Y. (2019), “I am not satisfied with my body, so I like augmented reality (AR):
consumer responses to AR-based product presentations”, Journal of Business Research, Vol. 100
No. 1, pp. 581-589, doi: 10.1016/j.jbusres.2018.10.041.

Yoo, C.W., Sanders, G.L. and Moon, J. (2013), “Exploring the effect of e-WOM participation on
e-Loyalty in e-commerce”, Decision Support Systems, Vol. 55 No. 3, pp. 669-678, doi: 10.1016/j.
dss.2013.02.001.

Yoon, S. and Park, J.E. (2018), “Tests of in-store experience and socially embedded measures as
predictors of retail store loyalty”, Journal of Retailing and Consumer Services, Vol. 45 No. 1,
pp. 111-119, doi: 10.1016/j.jretconser.2018.08.010.

Yoon, S.J. (2012), “A social network approach to the influences of shopping experiences on e-wom”,
Journal of Electronic Commerce Research, Vol. 13 No. 3, p. 213, available at: https://citeseerx.ist.
psu.edu/viewdoc/download?doi510.1.1.458.7862&rep5rep1&type5pdf.

Zhang, M., Li, Y., Gu, R. and Luo, C. (2021), “What type of purchase do you prefer to share on social
networking sites: experiential or material?”, Journal of Retailing and Consumer Services, Vol. 58
No. 1, 102342, doi: 10.1016/j.jretconser.2020.102342.

APJML

https://doi.org/10.2307/41409972
https://doi.org/10.1007/s10479-020-03918-9
https://doi.org/10.1080/15332667.2022.2035198
https://doi.org/10.1108/APJML-11-2019-0684
https://doi.org/10.1186/s40691-020-00239-0
https://doi.org/10.1016/j.jbusres.2021.04.057
https://doi.org/10.1108/QMR-06-2013-0041
https://doi.org/10.1007/s10257-016-0323-x
https://doi.org/10.1007/s10257-016-0323-x
https://doi.org/10.1108/APJML-03-2019-0221
https://doi.org/10.1108/APJML-03-2019-0221
https://doi.org/10.3758/s13428-014-0499-2
https://doi.org/10.3758/s13428-014-0499-2
https://doi.org/10.1108/978-1-83909-812-320211006
https://doi.org/10.1108/978-1-83909-812-320211006
https://doi.org/10.1016/j.jbusres.2018.10.041
https://doi.org/10.1016/j.dss.2013.02.001
https://doi.org/10.1016/j.dss.2013.02.001
https://doi.org/10.1016/j.jretconser.2018.08.010
https://citeseerx.ist.psu.edu/viewdoc/download?doi=10.1.1.458.7862&rep=rep1&type=pdf
https://citeseerx.ist.psu.edu/viewdoc/download?doi=10.1.1.458.7862&rep=rep1&type=pdf
https://citeseerx.ist.psu.edu/viewdoc/download?doi=10.1.1.458.7862&rep=rep1&type=pdf
https://citeseerx.ist.psu.edu/viewdoc/download?doi=10.1.1.458.7862&rep=rep1&type=pdf
https://citeseerx.ist.psu.edu/viewdoc/download?doi=10.1.1.458.7862&rep=rep1&type=pdf
https://doi.org/10.1016/j.jretconser.2020.102342


Appendix

Measurement scales
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